
Lakshmi.P et al, International Journal of Computer Science and Mobile Computing, Vol.4 Issue.12, December- 2015, pg. 339-343 

© 2015, IJCSMC All Rights Reserved                                                                                                        339 

Available Online at www.ijcsmc.com 

International Journal of Computer Science and Mobile Computing 

   A Monthly Journal of Computer Science and Information Technology 

ISSN 2320–088X 

IJCSMC, Vol. 4, Issue. 12, December 2015, pg.339 – 343 

 

RANK APPROACH TO SOFTWARE 

DEFECT PREDICTION 
                                    

Lakshmi.P
1
, T. Latha Maheswari

2 

PG Scholar
1
, Asst. Professor

2 

Department of Computer Science & Engineering 
1,2

 

Sri Krishna College Of Engineering and Technology, Coimbatore, India 
1,2 

lakshmisajan2492@gmail.com 
1
; lathamaheswari@skcet.ac.in 

2 

 

 

Abstract— An important goal throughout the cycle of software system development is to search out and fix 

existing defects as early as attainable. This has abundant to do with software system defects prediction and 

management. There are square measure primarily two classes among these prediction models. One class is to 

predict what percentage defects still exist in keeping with the already captured defects knowledge within the 

earlier stage of the software system’s life-cycle. The opposite class is to predict what percentage defects will 

be there within the newer version software system in keeping with the sooner version of the software system 

defects knowledge. Within the present situation, defect prediction is predicated solely on the dimensions that's 

supported LOC count that is not abundant economical. This paper is all concerning predicting defects with 

the exploitation of object oriented metrics and version history for every module.  Once the prediction method 

is over, the modules square measure being stratified in keeping with their severity and therefore the overall 

price for the trouble is calculable. 
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I. INTRODUCTION 

A software system metric could be a quantitative lives of a degree to that a computer code or method possesses 

some property. Since quantitative measurements area unit essential altogether sciences, there's an eternal effort 

by computing practitioners to bring similar approaches to software system development. The goal is getting 

objective, duplicate and quantitative measurements, which can have various valuable applications in schedule 

and budget coming up with, value estimation, quality assurance testing, software system debugging, software 

system performance optimization, and best personnel task assignments. 

Software Defect Prediction (SDP) is developed as a learning downside in code engineering, which has drawn 

growing interest from each domain and trade. Static code attributes square measure extracted from previous 

releases of code with the log files of defects, and accustomed build models to predict defective modules for 

consecutive unleash. It helps to find elements of the code that square measure a lot of doubtless to contain 

defects. This effort is especially helpful once the project budget is restricted, or the entire package is simply too 

giant to be tested thoroughly. An honest defect predictor will guide code engineers to focus the testing on 
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defect-prone elements of the code. Software defect prediction will also facilitate to assign testing resources 

expeditiously through ranking software system modules in keeping with their defects. The present software 

system defect prediction models that square measure optimized to predict expressly variety  the quantity of 

defects associate degree in a terribly software system module may fail to provide the correct order as a result of 

it's very troublesome to predict the precise number of defects in an exceedingly software system module 

attributable to unclear information [1]. This paper is all regarding predicting defects victimization object 

directed metrics and version history for every module.  When the prediction method is over, the modules square 

measure being hierarchic in keeping with their severity and therefore the overall value for the trouble is 

calculable. Severity may be a parameter to denote the implication of defect on the system – however essential 

defect is and what's the impact of those defects on the full system’s practicality. The severity may be a 

parameter set by the tester whereas he opens a defect and is principally up to speed of the tester. Sample 

example for defect prediction is depicted in Table 1. 

 

 

Table 1 - Sample for defect prediction 

Module 

Name 

Lines of 

Code 

Previous 

Defects 

Lines 

Added 

Defect 

Numbers 

A 456 4 45 4 

B 123 1 0 0 

C 156 1 23 2 

D 321 3 23 Unknown 

E 211 2 43 Unknown 

F 2354 15 432 Unknown 

 

 

 

II. RANDOM FOREST 

Random Forests grows several classification trees. To classify a replacement object from associate degree input 

vector, place the input vector down of the every tree within the forest. Every tree provides a classification, and 

that we say the tree "votes" for that category. The forest chooses the classification having the foremost votes 

(over all the trees within the forest) [10]. 

 

Each tree is grown as follows: 

 If the quantity of cases within the coaching set is N, sample N cases randomly - however with 

replacement, from the initial information. These samples are the coaching set for growing the tree. 

 If there square measure M input variables, variety m < given specified at every node, m variables 

square measure elite randomly out of the M and therefore the best split on these m is employed to 

separate the node. The worth of m is command constant throughout the forest growing. 

 Every tree is fully grown to the biggest extent attainable. There's no pruning. 

 

 Reducing m reduces each the correlation and therefore the strength. Increasing it will increase each. 

Somewhere in between is associated in nursing "optimal" vary of m- sometimes quite wide. Victimization the 

OOB error rate a price of m within the vary will quickly be found. This is often the sole adjustable parameter 

to that random forests is somewhat sensitive [10]. 

 

Working: 

 To understand and use the varied choices, any data concerning however they're computed is beneficial. 

Most of the choices rely on 2 information objects generated by random forests. Once the coaching set for this 

tree is drawn by sampling with replacement, concerning common fraction of the cases are disregarded of the 

sample. This OOB (out-of-bag) information is employed to induce a running unbiased estimate of the 

classification error as trees are additional to the forest. It’s additionally accustomed get estimates of variable 

importance. When every tree is made, all of the info is run down the tree, and proximities are computed for 

every combine of cases. If 2 cases occupy constant terminal node, their proximity is increased by one. At the top 

of the run, the proximities are normalized by dividing by the quantity of trees. Proximities are utilized in 

exchange missing information, locating outliers, and manufacturing illuminating low-dimensional views of the 

info [10]. 
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 In random forests, there's no want for cross-validation or a separate take a look at set to induce 

Associate in nursing unbiased estimate of the take a look at set error. It's calculable internally, throughout the 

run, as follows: 

 Each tree is made employing a totally different bootstrap sample from the initial information. 

Concerning common fraction of the cases area unit ignored of the bootstrap sample and not employed 

in the development of the k
th 

 tree. 

 Put every case ignored within the construction of the k
th

 tree down the k
th 

 tree to induce a 

classification. During this method, a take a look at set classification is obtained for every case in 

concerning common fraction of the trees. At the top of the run, take j to be the category that got most of 

the votes when case n was oob. The proportion of times that j isn't up to actuality category of n 

averaged over all cases is that the oob error estimate. This has well-tried to be unbiased in several tests. 

 

 

III. PROPOSED SYSTEM 

The primary goal of software system quality engineering is to supply a prime quality wares through the 

employment of some specific techniques and processes. One of the strategies is applying data processing 

techniques to software system metric and defect information collected throughout the software system 

development process to spot potential low-quality program modules. This application will predict the software 

system defects by victimization of ranking technique. Here, the tester and developers will predict the software 

system defect and assigns the priority of the defective modules according to the defect severity. And it will 

predict the price estimations. Value estimation within the sense we are able to predict the point in time for the 

full software system development method for the actual software system. And it will predict the testers and 

developers wage details and time. 

Many object-oriented style metrics are developed to assist in predict software system defects or measure style 

quality. Since a defect prediction model might provide crucial clues concerning the distribution and placement 

of defects and, thereby, take a look at prioritization, correct prediction will save prices within the testing method 

[4].The overall working of the system is depicted in the Figure 1. 

 

IV. WORKING SEQUENCE 

A. Defect Prediction: 

 

 The first step to create a prediction model is to come up with instances from computer code archives 

like version management systems, issues following systems, and so on. Every instance will represent a system, a 

computer code part (or package), an ASCII text file, a class, an operation (or method), and/or a code amendment 

per prediction graininess. Associate instance has many metrics (or features) extracted from the computer code 

archives and is tagged with buggy/clean or the amount of bugs. Associate initialized report generator is whose 

purpose is generating report knowledge into a computer program (Excel sheet). This includes developer details 

like name, ID, Designation comment written at commit time etc., 

B. Ranking Approach: 

 A Ranking based mostly performance is planned to perform annotation prediction that is taken into 

account as user’s potential annotation for bugs. The method take the information area unit obtained from 

Existing package modules with noted defect numbers as well as values of all package metrics which has lines of 

code, previous defects, and   new lines side, and also the numbers of defects found. Once finishing ranking 

approach on defect modules, results area unit created in standout sheet. 

C. System Analysis And Cost Estimation: 

 Cost Estimate supports deciding is needed for the allocation of funds to program areas and/or specific 

comes details like techniques are accustomed estimate effort, metrics are accustomed live the accuracy of effort 

estimation methods/techniques .What effort predictors are utilized in computer code development method. 
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V. DEFECT PREDICTION AND RANKING MODEL 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
Figure 1- System Architecture 

 

VI. CONCLUSION 

The ranking task helps to portion testing resources additional expeditiously by predicting that modules area 

unit seemingly to possess additional defects. SDP information area units are collected by completely different 

firms and by different folks, that area unit noisy. As a result, predicting an explicit range of defects for every 

code module is difficult or perhaps not possible thanks to the dearth of correct historical information. during this 

paper, have applied Out-Of- Bag(OOB) approach to classify the most effective attributes from the information 

set for the predictions. Additionally thought-about the thing familiarized (OO) metrics to live against the 

disposition. Within the future work, we'll apply additional metric choice strategies to analyse additional deeply 

the effectiveness of metrics for SDP for the ranking task. 
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